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: Select K points as the initial centroids.

: repeat

1
2
3:  Form K clusters by assigning all points to the closest centroid.
4:  Recompute the centroid of each cluster.

5

: until The centroids don’t change
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1: Initialize the list of clusters to contain the cluster containing all points.
2: repeat

3:  Select a cluster from the list of clusters

4 for i = 1 to number_of _iterations do

5 Bisect the selected cluster using basic K-means

6: end for

7 Add the two clusters from the bisection with the lowest SSE to the list of clusters.
8

- until Until the list of clusters contains K clusters
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o Y Liu, Z Li, H Xiong, X Gao, J Wu, "“Understanding of internal
clustering validation measures” . ICDM 2010.

o Yanchi Liu, Zhongmou Li, Hui Xiong, Xuedong Gao, Junjie Wu, Sen
Wu, “ Understanding and Enhancement of Internal Clustering
Validation Measures” , IEEE Transactions on Cybernetics (TC), Vol.
43, No. 3, pp. 982-994, 2013.

o J Wu, H Xiong, J Chen, “Adapting the right measures for k-means
clustering” . KDD 2009.

“The validation of clustering structures is the most difficult and frustrating part of cluster
analysis. Without a strong effort in this direction, cluster analysis will remain a black art
accessible only to those true believers who have experience and great courage.”

Algorithms for Clustering Data, Jain and Dubes



o RRGER RENNTEEFITE

o BRAE
o KI{EERZE(K-means)
o EREEZ(Hierarchical Clustering)
o ZEEZ(Density-based Clustering)
o BRSERERIGIIE

o BLaRERATA




RRpth

o BARERGZE — RIMES
o Prototype-based (ETFREAIEEZE)

= Fuzzy K-means

= Mixture Model Clustering
= Self-Organizing Maps
o Density-based(ETFTZEREER)
= Grid-based clustering
= Subspace clustering
o Graph-based (ETERIERE)
s Chameleon
= Jarvis-Patrick
= Shared Nearest Neighbor (SNN)
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o BRAE
o KI{EERZE(K-means)
o EREEZ(Hierarchical Clustering)
o ZEEZ(Density-based Clustering)
o BRSERERIGIIE

o BLORET A




