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» Hadipour, H., Liu, C., Davis, R., Cardona, S.T., & Hu, P. (2022). Deep clustering of small molecules at large-
scale via variational autoencoder embedding and K-means. BMC Bioinformatics, 23.
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FIGURE 5. K-means clustering (k = 15) in New York state. FIG:JI!E 7. Hot spots Hy for each cluster in New York state (orange
circles).
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» Guevara C, Peiias M S. Surveillance Routing of COVID-19 Infection Spread Using an Intelligent Infectious
Diseases Algorithm[J]. leee Access, 2020, 8: 201925-201936.
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» CaiY, WuX, Xie X, et al. A topic mining method for multi-source network public opinion based on improved
hierarchical clustering[C]//2019 IEEE DSC. IEEE, 2019: 439-444.
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Prob. A: Norma has 88 W N
cards. She loses 70. How
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many cards will Norma ® n,+n,

have ? ® n;/n,

Eq: 88-70 ® n,—n,
(n,+n,) *n,

® n, *n,

Prob. B: Joyce starts with

75 apples. She gives 52 to /
Larry. How many apples
does Joyce end with?
Eq: 75-52

» L, Z., Zhang, W., Yan, C., Zhou, Q., Li, C., Liu, H., & Cao, Y. (2022). Seeking Patterns, Not just Memorizing Procedures: Contrastive Learning
for Solving Math Word Problems. ArXiv, abs/2110.08464.

»  Huang, Z., Lin, X., Wang, H., Liu, Q., Chen, E., Ma, J., Su, Y., & Tong, W. (2021). DisenQNet: Disentangled Representation Learning for
Educational Questions. Proceedings of the 27th ACM SIGKDD Conference on Knowledge Discovery & Data Mining.
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