SIGKDD 20271 The 27th International ACM SIGKDD Conference

Singapore, online. Aug. 14-18, 2021 ©ON Knowledge Discovery and Data Mining

Modeling Context-aware Features for Cognitive Diagnosis in Student Learning
Yugiang Zhou?, Qi Liul", Jinze Wu?, Fei Wang!, Zhenya Huang!, Wei Tong?,
Hui Xiong?, Enhong Chen?, Jianhui Ma*

Anhui Province Key Laboratory of Big Data Analysis and Application, University of Science and Technology of China,
’The State University of New Jersey

Motivation: Cognitive Diagnosis (CD) is one of the most fundamental tasks in Given:
intelligent education, aiming at diagnosing the cognitive states (e.g., proficiency e N Students S ={sq, Sy, ..., Sy }, T educational context questions Q = {q4, g5, ..., 47 },
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Key Problem: How to model the educational context-aware features and further apply b 125 Home Economic, Social and Cultural Status (ESCS)
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