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Application of VTS Approximation Based Feature Compensation Approach to Speech Recogni-
tion
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Abstract :In the environment with various noises, the mismatch between training and testing will result in a great reduction of speech
recognition performance. As an effective method for robust speech recognition, feature compensation can refine testing noisy feature
to be closer to training feature. In this paper, we proposed a practical feature compensation approach based on Vector Taylor Series
(VTS) approximation using explicit model of environmental distortion. Firstly, we test and verify the effectiveness of traditional off-
line VTS algorithm in real car environment, however this offline algorithm has a large amount of calculation, in order to make it prac-
tical, the algorithm has been improved to increase efficiency and keep the performance comparable to the offline condition. From ex-
perimental results, performance of the practical VTS algorithm proposed in the paper is much close to the best performance of the off-

line condition.
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Fig.1 Flowchart of our feature compensation approach
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Table 1 Compare of results of different methods

Wit 1 Wit 2 W3
FiE1 87.76 89.50 95.39
HEE2 89.65 90. 14 95.36
F3 91.03 88.35 95.66
Fik4 91.29 88.76 95.60
F:S 92.32 92.14 95.87
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Table 2 Compare of practical results
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91.39 90.44 95.60
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98.92 98.57 99.45
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